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MACHINE TRANSLATION POST-EDITING COMPETENCE
IN THE AGE OF GENERATIVE Al: A CORPUS-BASED
INVESTIGATION OF STUDENT TRANSLATORS' SKILLS

The main aim of the article is to investigate how translation students interact with Al-generated
translations and examines the relationship between Al literacy and post-editing performance. Using
a corpus-based mixed-methods approach, the study compares human translation, neural machine
translation post-editing, and generative Al post-editing. The findings reveal that generative Al
improves fluency and lexical diversity but introduces Al-specific challenges, including hallucinations
and contextual distortions. Statistical analysis demonstrates that Al literacy, critical evaluation skills,
and prompt formulation abilities significantly influence post-editing quality. The study proposes
an Al-enhanced MTPE competence framework integrating linguistic, technological, evaluative,
and collaborative dimensions. The results contribute to current discussions on translator competence
and provide practical recommendations for translator education in AI-mediated environments.

The study employs a mixed-methods research design combining corpus linguistics, quantitative
statistical analysis, and qualitative thematic analysis. Data were collected from 60 undergraduate
and graduate translation students divided into three groups: Human Translation (HT), Neural
Machine Translation Post-Editing (NMTPE), and Generative Al Post-Editing (GAI-PE). The
learner corpus consisted of approximately 90,000 words. Translation quality, error frequency, lexical
diversity, and Al literacy indicators were analyzed using corpus tools and statistical procedures.

The study expands traditional translation competence models by incorporating Al literacy, prompt
engineering, hallucination detection, and human—AI collaboration as essential dimensions of MTPE
competence. Unlike previous studies focusing mainly on translation quality and productivity, this
research examines how Al-related competencies influence student translators' performance in
generative Al environments.

The findings indicate that generative Al enhances translation fluency and lexical richness while
simultaneously creating risks associated with factual inaccuracies and hallucinations. Al literacy
emerged as a significant predictor of post-editing performance, highlighting the growing importance
of critical evaluation skills in translator training. The study concludes that future translator
education should integrate Al literacy, prompt engineering, and critical assessment strategies to
prepare students for technology-rich professional environments.

Keywords: machine translation post-editing, generative artificial intelligence, Al literacy,
translation competence, corpus linguistics, translator education.

Introduction. The rapid development of artificial
intelligence (Al) technologies has transformed transla-
tion practices and reshaped the professional role of trans-
lators. Machine translation (MT) systems have evolved
considerably during the last decade, particularly follow-
ing the widespread adoption of neural machine transla-
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tion (NMT), which significantly improved translation
fluency and linguistic accuracy (Yamada, 2019: 87-106).
More recently, generative artificial intelligence (GenAl)
systems based on large language models (LLMs), such
as ChatGPT, Gemini, and Claude, have introduced new
possibilities for translation support through interactive
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dialogue, contextual adaptation, and content generation
(Kasneci et al., 2023).

Unlike conventional MT systems that primarily
produce target-language equivalents, generative Al
tools can explain translation choices, suggest alter-
natives, revise stylistic inconsistencies, and respond
to user prompts in real time (Fu & Liu, 2024). As a
result, translators increasingly interact with Al not
merely as users of technology but as evaluators and
supervisors of machine-generated content. This trans-
formation has generated new demands for translator
competence and raised important questions regarding
the skills required for successful human—Al collabo-
ration (Prieto Ramos, 2024).

Within translation studies, machine translation
post-editing (MTPE) has emerged as a central profes-
sional activity. MTPE involves revising machine-gen-
erated translations to achieve acceptable standards of
quality, accuracy, and communicative effectiveness
(Rico Pérez, 2024: 26-47). Although MTPE has
become common practice in professional translation
environments, the emergence of generative Al has
expanded the scope of post-editing activities. Trans-
lators must now evaluate Al-generated outputs crit-
ically, identify hallucinations, verify factual infor-
mation, and formulate effective prompts to improve
translation quality (Algaraady & Mahyoob, 2025).

Despite growing scholarly interest in Al-assisted
translation, empirical studies examining the rela-
tionship between Al literacy and MTPE competence
remainrelatively limited. Existingresearch has focused
primarily on translation quality, productivity, user
attitudes, and technological acceptance (Peng et al.,
2024; Zhang, Li, & Wu, 2025). Less attention has
been paid to the evolving competence profile required
for effective interaction with generative Al systems.
The present study seeks to address this gap by investi-
gating how Al literacy influences post-editing perfor-
mance among translation students.

The main aim of the article is to investigate the
interaction of translation students with Al-generated
translations and to examine the impact of Al literacy
on machine translation post-editing performance. The
study also seeks to compare human translation, neu-
ral machine translation post-editing, and generative Al
post-editing in order to identify emerging competen-
cies required in Al-mediated translation environments.

The novelty of the article is in its reconceptu-
alization of machine translation post-editing com-
petence within the context of generative artificial
intelligence. The study extends traditional translation
competence frameworks by integrating Al literacy,
prompt engineering, hallucination detection, and
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human—AlI collaboration as key components of con-
temporary post-editing competence, while examining
their influence on student translators’ performance.

The main text. Translation Competence in the
Age of Generative Al

Translation competence has traditionally been
conceptualized as a multidimensional construct
encompassing linguistic, intercultural, strategic, and
technological abilities. Contemporary competence
frameworks, including the European Master's in
Translation (EMT) model, emphasize technological
competence as an essential component of professional
translator education (EMT Expert Group, 2022).

The increasing integration of Al into translation
workflows has prompted scholars to reconsider tra-
ditional competence models. Prieto Ramos (2024)
argues that translator competence must now include
Al awareness, critical evaluation skills, and the abil-
ity to collaborate effectively with intelligent systems.
Similarly, Biel (2024) suggests that Al literacy should
be viewed as a core professional competency rather
than a supplementary technological skill.

Al literacy refers to the ability to understand, eval-
uate, and interact effectively with artificial intelligence
systems (Long & Magerko, 2020; Ng et al., 2021). In
translation contexts, Al literacy includes knowledge
of Al capabilities and limitations, awareness of eth-
ical considerations, and the ability to assess the reli-
ability of machine-generated content (Kasneci et al.,
2023). These competencies are increasingly impor-
tant because generative Al systems may produce lin-
guistically fluent but factually inaccurate translations.

Research has demonstrated that users with higher lev-
els of Al literacy are generally more successful in identify-
ing translation errors, evaluating machine output critically,
and making informed post-editing decisions (Zhao et al.,
2023). Consequently, Al literacy is becoming a crucial
determinant of successful MTPE performance.

Machine Translation Post-Editing and Human—
Al Collaboration

Machine translation post-editing has undergone
substantial transformation since the introduction of
neural machine translation technologies. Early MTPE
research focused primarily on productivity gains, cog-
nitive effort, and translation quality (Koponen, 2016:
131-148). More recent studies emphasize the col-
laborative nature of Al-assisted translation, viewing
translators and Al systems as partners in a shared cog-
nitive process (O’Brien, 2012; Kasneci et al., 2023).

Generative Al systems contribute speed, linguistic
fluency, and pattern recognition, while human trans-
lators provide cultural knowledge, contextual under-
standing, and evaluative judgment (Ng et al., 2021).



[lepeknagosnaBcTBO

This division of responsibilities creates a new trans-
lation ecosystem in which human expertise remains
essential despite technological advances.

However, generative Al also introduces unique
challenges. One of the most frequently discussed issues
is hallucination, defined as the generation of plausi-
ble but inaccurate or fabricated information (Zhao et
al., 2023). Hallucinations may appear linguistically
convincing and therefore remain undetected by inex-
perienced users. Such errors can have serious conse-
quences, particularly in specialized domains such as
legal, medical, and technical translation.

Another concern is automation bias, which refers
to the tendency of users to overtrust automated sys-
tems and accept machine-generated output without
sufficient verification (Long & Magerko, 2020). Sev-
eral studies have reported that students often perceive
fluent Al-generated translations as accurate, even when
semantic inaccuracies are present (Peng et al., 2024).
These findings highlight the growing importance of
critical evaluation skills within translator education.

Corpus-Based Investigation of Student Trans-
lators’ Performance

Corpus linguistics provides a valuable method-
ological framework for investigating translation
behavior in technology-mediated environments. Cor-
pus-based approaches allow researchers to analyze
large collections of authentic translation data system-
atically and objectively (McEnery & Hardie, 2012).

The present study employed a learner translation
corpus comprising approximately 90,000 words pro-
duced by 60 translation students under three experi-
mental conditions: human translation, neural machine
translation post-editing, and generative Al post-edit-
ing. The corpus enabled quantitative analysis of lex-
ical diversity, error frequency, stylistic variation, and
post-editing behavior.

The findings indicate that students working with
generative Al achieved higher levels of lexical diver-
sity and stylistic fluency than those performing tra-
ditional translation tasks. Similar results have been
reported in recent investigations of Al-assisted trans-
lation, where large language models demonstrated
strong performance in generating natural and varied
linguistic structures (Fu & Liu, 2024; Wu et al., 2023).

At the same time, corpus analysis revealed the
presence of Al-specific errors, including halluci-
nations, contextual distortions, and inappropriate
terminological substitutions. Although these errors
occurred less frequently than traditional grammatical
or lexical errors, their potential impact on translation
quality was considerably greater due to their decep-
tive fluency.

Statistical analyses further demonstrated signifi-
cant relationships between Al literacy indicators and
post-editing performance. Critical evaluation skills
showed the strongest predictive effect, followed by
prompting ability and digital literacy. These findings
support previous research emphasizing the importance
of evaluative competence in Al-assisted translation
environments (Ng et al., 2021; Prieto Ramos, 2024).

Implications for Translator Education

The growing role of generative Al in translation
practice has important implications for translator edu-
cation. Traditional training programs have focused
primarily on linguistic proficiency, intercultural com-
munication, and translation strategies. While these
competencies remain essential, they are no longer
sufficient in Al-mediated environments.

Educational institutions must now prepare future
translators to interact critically with Al systems. This
requires integrating Al literacy, prompt engineering, ethi-
cal awareness, and quality assessment into translation cur-
ricula (Kasneci et al., 2023; Biel, 2024). Students should
learn not only how to use Al tools effectively but also how
to evaluate their outputs critically and responsibly.

Prompt engineering has emerged as a particularly
relevant skill. Effective prompts can improve trans-
lation quality, terminology consistency, and stylistic
appropriateness. Consequently, prompt design may
become an integral component of future translator com-
petence frameworks (Algaraady & Mahyoob, 2025).

Furthermore, translator training should emphasize
reflective practice and critical thinking to counteract
automation bias. Developing students’ ability to ques-
tion, verify, and revise Al-generated content will be
essential for maintaining professional standards in
increasingly automated translation environments.

Conclusions. The integration of generative Al
into translation workflows is reshaping the nature of
machine translation post-editing competence. While
Al technologies enhance fluency, lexical richness, and
productivity, they simultaneously introduce new chal-
lenges related to reliability, hallucinations, and automa-
tion bias. The findings of this study demonstrate that Al
literacy plays a significant role in successful post-edit-
ing performance and should therefore be considered a
core component of translator competence.

Future translator education must move beyond
traditional technology training and incorporate Al
literacy, prompt engineering, critical evaluation, and
human—Al collaboration into curriculum design.
Such an approach will help prepare translators for the
evolving demands of the language services industry
and ensure that human expertise remains central in
Al-assisted translation environments.
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Adqizaga JI. KOMIIETEHTHICTb IOCTPEJAKTYBAHHSA MAIIMHHOI'O NEPEKJIAY
B EIIOXY TEHEPATUBHOTI'O IITYYHOI'O IHTEJIEKTY: KOPITYCHE JOCJIIJX)KEHHS
HABHUKIB CTYJAEHTIB-IIEPEKJIA/ITHUKIB

OcnosHnolo memoro cmammi € O0CHIONCeHHsT 0CcoOUBOCmell 63acMO0ii CmMYOenmie-nepekiaoayie i3
nepekaadamu, CMmeOPeHUMU 3acO0amMu WMyYHO20 [HMENEeKmy, d MAKOXHC BGUEUEHHS 63AEMO38'A3KY MidiC
pienem Il-epamommnocmi ma AKIiCmMI0O  NOCMPeOasy8aHHs MAWUHHO20 nepeknady. Bukopucmogyrouu
KOPNYCHULL  3MIWaHUL  OOCTIOHUYbKULL NIOXIO, aABMOpP HNOPIGHIOE Pe3VIbMAmu JHOCLKOZ0 NepeKiady,
NOCMPeOazy8anHs HEUPOHHO2O MAUWUHHO20 NepeKkiady ma NoCcmpeodzy8ants Nepekiaois, CmEopeHUx
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WMYYHUM 2enepamuenum inmenekmom. Ompumani pe3yivmamu nokazyromo, wo cenepamugnuil Il cnpusie
NIOBUUEHHIO WEUOKOCT NePeKaady ma JeKCUUHO20 POIMAimmsl, 0OHAK OOHOUACHO NOPOOICYE Cheyuiuni
npobiemMuU, GKIIOYAIOYU 2ATIOYUHAYIT MA KOHMEKCYanvHi cnomeopents. Cmamucmuunutl ananiz ceiouums
npo me, wo Il-epamommuicms, HABUUKYU KPUMUYHOI OYIHKU MA 6MIHHIL (OPpMYII08AmMuU 3anumu (npomnmu)
iCmomHo 6RAUBAIOMb HA AKICMb NOCMPeOdzy8anHs. Y cmammi nponouyemoscs Mooenb KOMNemeHmHoCmi
nicaapeoazy8amHHs MauuHHO20 NepeKiady, po3uUpena 3a paxyHox inmezpayii 1iHegiCIMUYHUX, MEXHOL02TUHUX,

OYIHOUHUX MA KONAOOPAMUSHUX KOMNOHeHmis. Pesynomamu 00cniodicents poonsams 6HECOK Y CYyUACHT OUCKYCTT

npO NepexiadaybKy KOMNEMeHmHiCImb ma MiCImams NPAKMU4Hi pekoMeHOayii 0 Ni020MosKU Nepexiaadis
6 YMOBAX GUKOPUCMAHHS MEXHON02I WUMYYHO20 IHMeNEKM).

Jlocniooicenns IpyHMyemspCs Ha 3MIUAHIL MemOoOOon02il, Wo HOEOHYE Memoou KOPHYCHOI NiHe8iCMuUKU,
KUIbKICHO20 CMAamucmu4H020 aHauizy ma SKICHO20 memMamuuno2o ananizy. Ewmmipuyni oami Oynu 3iopami
v 60 cmyoenmie baxanagpany ma Mazicmpamypu nepexkiadaybkux cneyiaibHocmetl, po30LIeHUX Ha mpu epynu.
Human Translation (HT), Neural Machine Translation Post-Editing (NMTPE) ma Generative Al Post-Editing
(GAI-PE). Obcse cpopmosanozo nasuanvrozo xopnycy cmanogus onusvko 90 000 cnis. 3 euxopucmanusim
KOPNYCHUX IHCIMPYMeHmMie ma CIMamucmuyHux npoyedyp 0y10 npoanaiizo8aHo aKicme nepekiaoy, YaCmomHicms
NOMUNOK, IEKCUYHY PISHOMAHIMHICMb Ma NOKA3HUKY [I-epamomnocmi yuacHuxie 0ociiodHceHHsl.

Hayxoea nosusna oocniodcennss nonseac y nepeocMucieHHi mpaouyiiHux mooenel nepexialaybkoi

KOMNEMeHMHOCMI y KOHMEKCMI 2eHepamueHo20 uwmy4Ho2o inmenekmy. Y pobomi ll-epamomuicms, Haguuxu
NPOMINM-THICUHIPUHEY, 30AMHICMb SUAGAMU 2ANOYUHAYIT ma KomnemeHyil y cghepi 63a€mMO0ii NH0OUHU
Mma WmyyHo2o iHmenekmy po3eisoaiomsvcs K K408l KOMNOHEHMU KOMHEMEeHMHOCTI nOCmpeoazy8aHHs.
MawunHo2o nepekaady. Ha iominy 6i0 0inbuiocmi nonepeorix 00CuioNHCetb, 30CePe0NCeHUX NEPeBANCHO Ha
AKOCMI nepexiady ma npooyKmueHOCMI Npayi nepekiaoayis, ys poboma ananizye enaug ll1-xomnemenyiii Ha
ehexmusHicms JiAIbHOCMI CMYOEeHMIB-NePeKiadaiia y cepedosuili 2eHEPAMUEHO20 UMYUYHO20 THMELEKNY.

Pezynomamu 0ocnioscennss noxasyome, wo 2eHepamusHull WmyyHull iHmenekm cnpusic nio8uiyeHHIO
WeUOKoCmi nepexnaody ma JIeKCUYHo20 0azamcmea MeKCchy, OOHOYACHO CMEOPIOIYU DPU3UKU, NO8'S3aHi
3 (hakmuunumu HemouHocmaAMyu ma 2anoyunayismu. Pigenv [l-epamomuocmi 6useuscs 3HAUHUM YUHHUKOM,
Wo 8U3HAYAE YCHIUHICTND NOCPEOAzy8aHHs, WO NIOKPECIIOE 3pOCNAIOUY POlb HABUHOK KPUMUYHOT OYIHKU
¥V nideomosyi nepekaaoauis. Y cmammi pooumscsi 8UCHOB0K Npo HeoOXionicmy inmeepayii 11-epamomuocmi,
NPOMNM-THICUHIPUHEY Ma cmpameziti KPUMuyHoi OYiHKY 00 OCGIMHIX NPOSpam 3 nid2omoeKu nepexialadis
0711 ehekmusHOi pobOmMuU 8 MEXHONO2IUHO HACUUEHOMY NPOeCiiHOMY cepedosuyi.

Knwwuogi cnosa: nocmpedazysanus MAWUHHO20 NEPEKIady, WMYUHUL 2eHepamusHull IHmenexKm,
1l-epamomuicms, nepexiadaybka KOMNEeMeHmHiCmb, KOPNYCHA NIH2BICMUKA, NI020MOBKA NEPeKIadayis.
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